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ABSTRACT Within a computer vision context color naming is the
action of assigning linguistic color labels to image pixels. In
general, research on color naming applies the following
paradigm: a collection of color chips is labeled with color names
within a well-defined experimental setup by multiple test subjects.

The English language consists of 11 basic color terms.
These basic color terms are defined by the linguistics
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Flexibility

Learning color names from Google Image search has
the additional advantage that the set of basic color
terms can easily be varied.
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Conclusions

» Results indicate that color names can be learned from weakly labeled images returned from Google Image search.

YELLOW FLASH ;
LOMOLITOS shift
‘M!
= watfor ight
ontho k- shaot
goteloss!

===

===

“olack” “blue” “brown” “green” “orange white”

purple

PLSAbg |

814  10-16

P(wld) P(wlz)

Color name

distribution: » Results show that color names returned from Google image outperform color names derived from human-named color

chips. Pixel classification results improve by 17 % compared to chip-based color naming.

Images retrieved with Google image:

» We illustrate that color naming based on Google images is flexible in the set of basic color terms.




